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Abstract Based on the FmpricalM ode D ecan position (EMD), anev data analys s method br processing non linear
and non-statonary signal has been devebped The key part ofm ehod is the EM D m ethod w ith wh ich any can plicated
data signal can be decomposed ito a finite and ofien smallnumber of InirnsicM ode Functions ( MF) that adn itwell
— behaved H ibert transfoms The local energy and nstantaneous frequency of the signal can be derved fran the
MFs Ths full energy-frequency-tin e relation of the data signal is called heH ilbert spectrim. It is an deal for non-
Iinear and non—stationary data analyss The principle and sifting process of the EMD method are ntroduced and a
nalysis results about some acwal examp ks w ih FMD m ethod are also shawvn The possbility hat he EMD method &
applied n analysis of an E lectroencephalogran ( EEG) 1is discussed and a few IntrinsicM ode Functon ( M F) can po-
nents and H ibert spectrun of he EEG are gven The EMD method presented & attem pted to analysis the can plex
non— statonary EEG data signal
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x(t) ) 3 , evl evh.
m h|.'
mi(t) = [evh(i)+ evh(i)] /2
x(t)=mi(t) = hi(t) (1)
s hi(t) , ko,
MF ¢ (t):
hi(k=1)(t)—mik(t) = hik(t), a1 (t) = hk(t) (2)
MF : x(t) MF (),
r(t). r(t) MF
(), ru(t) ; n(t)
ri(t) - a(t)=n(t)
e1(t) — ¢ (t) = r(t).
MF r.(t)
x(1) = ;ci(t)+ r (1),
MF
MF
2 HilbertZ5 1
EMD H ibert , Hilbert . MF
H ibert ( ) . MF H ilbert
y(t):y(t) = —16[) fi;ixﬁi dv, p Cauchy . x(t)

y(t) Zi(t): |
Zi(0) = % () + 1) = a(t)

ai(t) = xi(l) +yi(t); ei(t) = ar(‘tdn[i/j;ij] '
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