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Abstract For the problens appeared in the functon optin zaton of the Particle Swam Optimizaton algorithm
(PSO), an mpwoved PSO akorihm attached by the grad nfom ation is proposed n this paper The PSO algorithm
can be used n the problans of function optim izaton w ith characteristic of simplicity high effectiveness and so on

The prmary study however shows that the op tin ization m ethod has some shortcan ngs such as sbw canputing
speed easiness b fall n local peak n hige scale poblm which is detem ined by the randan ness of the algor itm.

The gradm ethod & akind of trad itbnal optin ization m ethod and has the characteristic that it & along the descending
grad direction of optim ization valies So the grad metod can reduce the tme for the optimization valies because the
direction for optinal values & detem ned by the grad of grad algorithm. In order b overcan e the disadvantages of the
standard PSO akorihm te princip ke of grads m ethod was ncluded n PSO algorihm Thereforg the G ads-PO at
gorithm ( regulated by grad m ethod) was proposed n this paper The Grads-PSO algoritm was used n the optm za
ton of function in this paper The results obtained by the Grads-PSO have been com pared by the ones of the standard
PSO akorihm The simubton results show that the mpwoved PSO alorilm reduces the computing speed of the
standard PSO algor itm.
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