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Abstract: For quantitative investment caused by inaccurate trading signal judgment during the process of the timing of
difficult problems,the excellent non-linear separable ability is used to support vector machine(SVM ) based on historical
price quantity information ( opening price, closing price, the highest and the lowest price, volume and short long term
moving average ) model of quantitative timing. In the specific application of strategy model , in order to determine LIBSVM
ToolBox in the "¢" and " g" parameter, this paper optimize them through the genetic algorithm, then uses MATLAB
software to achieve the ( Shanghai pudong development bank) for individual stocks from January 4,2012 to 2012 on
January 22 ,the strategy of back,finally the csi 300 index as the benchmark from the annualized yield, sharpe ratio, the
angle of information ratio and maximum retracement back to the measurement results are analyzed. It is concluded that
the GA-SVM can more accurately judge the conclusion of trading signals.
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