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Abstract : Airborne LiDAR technology provides favorable conditions for the acquisition of 3D data and the construction of
DEM, DSM. Such reasons as buildings and vegetation shelter result in the lack of point cloud and the formation of region-
al holes,which make the surface modeling inconvenient. LiDAR point cloud data Interpolation is needed to repair the
missing data. The RBF neural network interpolation model is studied by using the model to repairempty area in the point
cloud. A part of the sampling points is used to train RBF neural network to get the specific values of parameters in
model , then these parameters are used to interpolate the empty area. Through experiments, the effectiveness and the
interpolation precision of the RBF neural network model are verified.
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Fig.4 The interpolation results of experiment B
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