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Abstract; The automatic detection and tracking effects of moving human target are always susceptible to the change of
ambient light under the complex backgrounds. Aiming at the moving human target detection and tracking in variable
lighting environments, the paper proposes a detection and tracking algorithm based on Camshift optimized by Gaussian
mixture model. Firstly,the Gaussian mixture model is used to build the foreground model,and the external interference is
settled as background information. Secondly, the color space is converted and backprojection values are calculated, and
Meanshift iterative method is further used to locate the moving targets. Finally,the update of Gaussian mixture model and
processing of subsequent frames can keep an effective detection and tracking of the moving human body. The experiment
results show that the proposed algorithm has a better adaptive ability to the changing light of the ambient environment and
the shaking of the foliage compared with traditional optical flow and Camshift methods. Besides, this algorithm can improve
the detection and tracking accuracy of moving human body,and can better extract the foreground information of moving target.
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Fig. 1 The flow chart of Camshift detection and tracking algorithm based on optimized Gaussion mixture model
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Fig.4 The test result using the tracking algorithm based on optimized Gaussian mixture model
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