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Processing and Recognition Technology Based on Fisheye Lens

Image in Real-Time Positioning of Rotary Library Files

Cheng Jie, Ye Wenwu, Xu Yinlin
(School of Physics and Technology , Nanjing Normal University , Nanjing 210023, China)

Abstract ; This paper introduces a rotary library file inventory technology based on fisheye lens image processing and rec-
ognition. A wide angle of view of the fisheye lens is used to capture multiple files with digital labels arranged in rows. Im-
age correction and segmentation technology are used to process each label. Image content is recognized by constructed
Convolutional Neural Network. The file position is realized by the bit sequence of the label number listed in the lens. The
technology has good real-time performance ,accurate identification and low cost.
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Fig. 1 Device schematic
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Fig. 2 Model of fisheye lens imaging
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Fig.3 The corrected image
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Fig. 4 Fixed threshold binarization diagram Fig.5 Adaptive threshold binarization diagram
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Fig. 6 Comparison of individual label processing results

Fig.7 The result of digital segmentation
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Fig. 8 Schematic diagram of convolutional neural network structure
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Table 2 The result of model prediction
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Fig. 10 Identification result of the digital image of adding noise



B RIVE R =4 ( TR R 419 5 2 (2019 4F)

3.3.2 &AL WIF TG FREIRA
WK 11 prR W — 2R 2 S AR bR BN Kk 2 ol i TS 5 G R I AR SR ) RGBT 6 R
BEYRHTTPNE. &R T PR IG i) 32 15 Yebn & UG O e 2 (EAL IR aniEl 12 Fros.

foor\mmvovmm‘— 87324 50971
moar—amnseoe 0432123468

11 ZREMTETENRE 12 EBRLELER
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Table 3 Experimental results contaminated by pen and ink
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