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Abstract ; With the rapid increase in the amount of electronic medical record data,how to use electronic medical record
resources in depth and efficiency has become more and more important. This article starts from the real medical record,
through the manual annotation of 108 medical records of real medical records and three types of feature templates, using
conditional random field and the bidirectional long-term short-term memory network conditional random field.
Experiments on the extraction of cardiovascular electronic disease named entities and comparative analysis are conducted.
The results show that CRF has better extraction performance,and that it is a more suitable method for extracting medical
record named entities for small-scale and partially formatted medical record texts.
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