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Algorithm of Network Intrusion D etection Based on AdaB oost and PNN
Chen Chunling Shang Z hao

(College of Canputer Science N anjing Unwersity of Posts and Telecomm unications Nanjing 210003 China)

Abstract By canbining A daBoost alkorithm with probabilistc neural nework ( PNN), a new pwbabilstic neural net
work (ABPNN) model & proposedl Based on ths model a nev ntusbn detectbn alkorithm is suggested This algo-
rithm analyzes and estin ates the netvork data receved realizes the acctom atic sorting of intusion m ethods and at the
san e tm e sorts and m an orizes nev types of ntmusion methods Experments show that the proposed algoritm can get
better perforn ance in detection rate and alam rate
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Tablel Instruction detection result of all kinds of attack

KDD CUP 99", MATIAB
BP 88. 37 82.84 42. 73 75. 68 86. 78
1 2 RBF 92. 67 90. 07 88. 74 89. 36 91. 20
ABPNN 98. 12 96.58 86. 78 88. 12 96. 83
1 , ABINN 2
Table 2 Com pare alamm rate of different algorithm
BP  RBF ,
RBF ) BP 5. 86 3.28 1235 10,02 226
BP ) RBF 3.42 4.89 3.97 427 679
o) ABPNN ABPNN 0. 19 0.23 0. 03 0. 08 4. 81
BP RBF
3 e
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