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Abstract: With the rapid development of internet technology and media application text-based retrieval cannot satisfy
the requirements and auditory-visual processing can not be applied for the large data amount so the emergence of speech
retrieval is particularly important. An audio clip usually consists of many different types of audio segments with different
meanings; therefore it becomes a new method to perform speech retrieval with audio segmentation for modern media
based on audio eigenvalue. In the article the basic eigenvalue of each audio frame is compared with the average eigen—
value of the entire audio clip and then the improved eigenvalue can be obtained for audio segmentation by using the K-
Nearest Neighbor algorithm. The experimental results show that the proposed algorithm based on the improved eigenvalue
can efficiently improve the accuracy of audio segmentation.
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Table 1 Result of pre-elassification
4
~ N 50 44 4 2
N 50 3 43
30 1 50 8 11 31
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Table 2 Final results of audio segmentation

2 50 46 2 2
3 50 3 44 3
50 5 5 40
3
929 889 80% . Table 3 Results of eigenvalue based
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audio segmentation

50 44 4
50 4 41
50 9 4 37
Hip-Hop
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