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Optimization Analysis of Target Tracking Learning Rate via Color Feature
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Abstract ; Target tracking is one of the key technologies in the intelligent video monitoring system. Aiming at this problem,
this paper analyzes and optimizes the learning rate on the basis of color features to suppress drift and improve the accuracy
of target tracking. Firstly,the target background and interference perception target model are established by using RGB
color features.Secondly, the probability and distance values of the interference region and the target region of the target
tracking object are calculated according to the disturbance perception model. Finally,different learning rates are introduced
to optimize the target location of the probability value and distance value in the target tracking,and the optimal value of the
tracking result is obtained. In this paper,the effectiveness of the optimization analysis is verified by using the VOT2016
evaluation benchmark group of 60 video sequences. The experimental results show that the optimization of learning rate ,the
accuracy and speed of target tracking are improved to a certain extent.
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Fig.1 Optimization analysis of target tracking learning rate via color feature
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Fig.2 Comparison diagram of accuracy rate
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Fig.3 Target tracking overlap comparison

60
—=— bag
50 -+ - balll
e ball2
40 F —*- basketball
i ~- birds] P
= 30k o+ birds2 .,*’
g - average [/ T .
=
T 20 ArrmeeaeemeA AN ) A A
) pamm—— -
10 - o\ A
0 | | | | | i i i S | J
0.030 0.035 0.040 0.045 0.050 0.055 0.060 0.065 0.070 0.075 0.080 0.085

S
B4 HEEEITLE

Fig. 4 Speed Report for experiment baseline
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Fig. 5 Unsupervised speed report for experiment baseline
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Table 1 Comparison of evaluation indexes of each algorithm

baseline unsupervised

(RIS 0N A-R rank EAO speed Overlap speed

Overlap Failures FPS AUC FPS
DAT 0.543 0 2.852 4 0.203 8 24.361 4 0.457 5 27.6359
KCF 0.488 8 38.08 2 0.192 4 22.253 5 0.302 3 20.507 4
DSST 0.527 3 44.813 8 0.181 4 13.900 3 0.326 9 11.940 4
SAMF 0.497 6 37.793 7 0.185 6 3.649 2 0.350 0 4.3352
Staple 0.543 3 23.8950 0.295 2 14.432 9 0.389 5 16.483 9
LCT 0.408 7 35.260 4 0.168 2 33754 0.271 6 2.339 4
ECO 0.546 4 11.673 4 0.374 2 54.206 4 0.441 2 63.302 5
AICH 0.550 2 2.966 1 0.188 7 26.779 3 0.470 0 30.341 2
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