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Abstract : Aiming at the problem that the effect of face feature extraction in dim light and complex backgrounds is easily
affected by the interence of environmental factors,bilateral filter is firstly exploited in the process of face image prepro-
cessing,and the illumination interference suppression method of face image based on self-quotient image theory is further
studied. Secondly,a multi-face feature extraction method based on HOG-SIFT fusion optimization is proposed with the
combination of the better globality of HOG features and the better adaptability of SIFT feature under complex background.
Finally,the experimental results show that the proposed method can effectively extract multi-face features in dark light
environment and complex background.
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Fig. 1 Flow diagram of face feature extraction method based on HOG-SIFT fusion optimization
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Fig. 2 Signal face feature extraction test results in dim light environment and complex background
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Fig.3 Multi—face feature extraction test results
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Fig.4 Contrast test of multiple face feature extraction methods in night environment
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